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Antibody-drug conjugates (ADCs) are a rapidly evolving class of oncology therapeutics Does the model predict clinical PK of ADC and free-pay|oad?

designed to expand the therapeutic index of potent cytotoxic payloads by leveraging the
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Model analyses: Figure 5A. Predicted DM1 exposure in liver Figure 5B. Predicted DXd exposure in liver

* Does the model predict clinical PK of ADC and free-payload?
What ADC properties affect the therapeutic window?

— Cyno-to-human translation
— Calibration to published T-DM1, T-DXd, Dato-DXd, and I-DXd data

Faster payload diffusion widens the therapeutic window: Increasing payload
diffusion decreases liver endothelial exposure while enhancing tumor exposure,
resulting in a wider predicted therapeutic window.

Linker stability shapes the therapeutic window: Faster payload deconjugation,
reflecting reduced linker stability, decreases liver and tumor payload
accumulation and widens predicted therapeutic window.

e Where does the ADC and free-payload distribute?

— Systemic and tissue distribution

Plasma Liver endothelial Tumor Plasma Liver endothelial Tumor

— Free payload exposure and toxicity
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 What ADC properties affect the therapeutic window?
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— Sensitivity analysis of ADC and payload properties @ |
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— Identification of drivers of off-target toxicity versus anti-tumor efficacy
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Figure 7B. Faster payload deconjugation widens the predicted therapeutic
window. Predicted free payload Cmax in liver endothelial cells (blue) and tumor (red)
with no deconjugation versus faster deconjugation. Shading highlights the exposure
differences between scenarios. Faster deconjugation reduces payload accumulation

Figure 6B. Faster payload diffusion widens the predicted therapeutic window.
Predicted free payload Cmax in liver endothelial cells (blue) and tumor (red) for DM1
and DXd diffusion rates [5]. Shading indicates the separation between tumor and liver
endothelial exposure. Faster DXd diffusion decreases liver endothelial exposure while

MetrumRG Publications/Posters

$00028 2 *3 %200 0es increasing tumor exposure, widening the separation between predicted toxicity- and and increases the separation between toxicity- and efficacy-relevant exposures.
tes Ses 3 77 %3322 3 efficacy-relevant exposures.
g, e rmeed sinegiieneae s
$°% 37 30 AP P53 % Conclusions: A predictive, mechanism-based platform model to support ADC design
o ...z... .. :.. = & : L
¢, 000 * NE-:::-;::E . e Predictive: Captured ADC PK across species and molecules, including cyno-to-human translation for -DM1 and T-DXd and plasma PK for Dato-DXd and I-DXd.
. ..:....':::' '.:":E:E.:; .E:E:'  Mechanistic: Characterized ADC biodistribution; predicted higher liver endothelial payload exposure for T-DM1 than T-DXd, aligning with clinical data.
$°00227% %o 2270%%s 2 s %el32°% *° * Design-relevant: Payload diffusion and linker stability produced distinct exposure-response tradeoffs, illustrating how design parameters shift the efficacy-toxicity balance.
20 ° 02 0232°%% 0°2 o 2 %ot
o o%C, %e® 33.%00 2003%0 L 0 Summary: The modular PBPK-QSP platform provides a mechanistic framework connecting ADC design to PK, tissue exposure, efficacy, and toxicity to support candidate selection and
eecss e et0ce o 00s”0s’ 2% optimization.

Presented at the American Conference on Pharmacometrics; 11 October - 14 October 2026 Copies available at: www.metrumrg.com/all-publications

© Metrum Research Group 2026




